Gandiva: Introspective Cluster Scheduling for Deep Learning

Wencong Xiao*™, Romil Bhardwaj™, Ramachandran Ramjee®, Muthian Sivathanu®, Nipun Kwatra®, Zhenhua Han*", Pratyush
Patelt, Xuan Peng”, Hanyu Zhao*", Quanlu Zhang', Fan Yang', Lidong Zhou'

Microsoft-

B
= Research

® Beihang University, T Microsoft Research, # The University of Hong Kong,
¢ Huazhong University of Science and Technology, @ Peking University

Characteristics of Deep Learning Jobs
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Scheduling Mechanisms for Deep Learning
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